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I ntroduction

After lingering in obscurity for decades, the rofesocial protection for poverty has risen on
the global social development agenda. In 2009Uihieed Nations launched the Social
Protection Floor initiative, promoting access teesttial social services and income security
for all people worldwide. In 2012, the World Bardopted a new Social Protection and Labor
Strategy for the coming ten years, calling for asheament of social transfer programs in low-
and middle-income countries. Meanwhile several lbgieg countries have set up national
programs for income redistribution, some of themt papilot projects involving aid-funding.

Although the debate about social protection inettgng countries recently has been
expanded beyond the potential merits of low-incoangeting, to some extent now
recognizing the role of universal benefits and @dcisurance programs covering also
informal sectors (International Labour Organizati®®14; United Nations Development
Programme, 2014), attention is still very much &exion the distributive profile of social
protection (i.e. whether programs are targetedwsihcome households or universally
provided to all persons in relevant population gju The actual size of transfer income is
more seldom emphasized, and often even complefetyed. To give one telling example,
the World Bank’s (2012) strategy for social proiectdoes not include a single section on the
size of social transfers, whereas the concentratidienefits among the poor is more
systematically discussed. We find this one-sidedigaon distributive profiles of social
protection somewhat disconcerting, not the leasabge findings on policy dynamics in
affluent countries point to the relevance of mordtidimensional perspectives on social
protection.

The purpose of this study is to analyze the lieteen social protection and poverty in
a global perspective. Our analysis bridges twoaresetraditions that too often have been

separated; comparative research on welfare statdfiuent countries and research on social



protection and poverty in developing countrieswirat extent does degree of low-income
targeting and size of social transfer income métteglobal poverty? Are findings from
analyses of affluent countries still when the scop@vestigation is widened globally? The
empirical analysis in this study is based on nemgarative household-level income data on
40 middle- and high-income countries around 2008.apply logistic multilevel regression to
evaluate the role of social protection for poventy global perspective.

We would from the outset like to emphasize thatwenot opposed to targeting in
social protection, quite the contrary. Well-desidjt@rgeted programs can certainly help
many poor families, and both means- and incomeddstnefits are essential elements of
social protection in every welfare state. Howewer,believe that the discussion about
possible linkages between social protection andajlpoverty too often has focused
primarily on the distributive profile of transfexaome. We will show the merits of a more
multidimensional perspective on social protectimmging the distribution as well as the size
of transfer income into an integrated theoretical ampirical framework. Based on previous
findings from research on affluent countries ourkiarigy hypothesis is that the size of transfer
income matters more for cross-country differencegiobal poverty than the concentration of
benefits to the poor.

The study is outlined as follows. Next we reviewcioser detail the discussion about
social protection and poverty in research on afftw®untries, also making reference to
research on global social development. In the sjegd sections we outline data and
methodological considerations; present our empifiedings from multilevel regressions;

and finally we round up the study with a concluddigcussion.

Social Protection and Development

Social Protection Reform in Affluent Countries



The discussion about social protection and povsrty old age in research on affluent
countries, debating the pros and cons of diffetygmes of transfer programs. At the core of
this discussion are two central principles in theign of social protection: targeting versus
universalisnt. It is here interesting to note that the univessaial policies introduced in
Western countries after the Second World War gretnoba social and economic critique of
the malfunctioning poor laws (Briggs, 2006), whiglre heavily targeted towards citizens at
the bottom of the income distribution. Howevetpibk a few more decades before
comparative research on affluent countries wastabdenpirically demonstrate the limitations
of targeting for effective poverty reduction (Kogmd Palme, 1998; Kenworthy, 1999;
Smeedinget al, 2001; Brady, 2005; Palme, 2006).

Several affluent countries have introduced magéwrms in social protection during the
most recent decades, and frequently changes hauvered in the downward direction due to
cutbacks in entitlement levels and harsher eligybiequirements, especially in major social
insurance programs (Montanatial, 2007). Meanwhile, emphasis has been placed on
targeted programs (Bahé al, 2010). The development of child benefits is simiking
example, where several affluent countries eithgehaplaced or complemented universal
benefits with income-tested child tax credits (&eni et al, 2012). Parallel to this
reorganization of social protection, poverty ancbime inequality have increased in several
affluent countries (OECD, 2008).

Maybe it is too early to speak of a grand shiftadistributive priorities, away from
universal policy programs and social insurance m&seemerging with the expansion of
social citizenship in the immediate post-war desattevards more traditional forms of
targeted responses to low income and poverty (Bétaal 2014). Nonetheless, it is evident
that means-tested benefit expenditure has incresadhtically since the 1980s. In the

OECD-countries, means-tested benefit expenditueestmre of the Gross Domestic Product



(GDP) almost doubled between 1980 and 2000 (Nea08). In Europe, means-tested
benefit expenditure has continued to grow aftemia@ millennium in a number of countries;
including Austria, Belgium, Denmark, Germany, Geedceland, Italy, France, Luxembourg,
the Netherlands, Portugal and Spain (Marx & Nel&®1,2). The rise of targeted social
transfers in affluent countries may to some extefhéct the influence of neo-liberal political
ideologies in policy making and the broader trehceecommodification in social protection
reform noted above (Huber & Stephens, 2001; Cas#%; Swank, 2005). Other potential
drivers are changing demographic patterns, suaicesased lone parenthood and the
resurgence of mass-unemployment, particularly grsigtently high long-term
unemployment rates reappearing after the oil-shotkise 1970s.

The emphasis on targeted policy responses iy ltketontinue growing in affluent
countries, partly as a consequence of the globahtial crisis beginning in 2008. During
times of fiscal austerity, means-testing frequehlgomes a guiding principle of social policy
restructuring. The European development alreadyighes several examples where countries
have strengthened targeting in social protectitter alia comprising measures directly
aimed at relieving extreme levels of poverty. Quoitien these policy changes have been
framed in terms of improving the efficiency of salgprotection (Nelson, 201£)YOne clear
example is Portugal, where eligibility criteria amatitiement conditions of the main means-
tested benefit (Rendimento social de insergéo) tighéened in response to the global
financial crisis. Although the exact consequenddbese changes to social protection are
uncertain, benefit expenditure and beneficiarieBartugal were projected to decrease by half
and one fifth, respectively (Rodrigues, 2011).

The distributive profile of social protection halso been addressed by the European
Union (EU), recently by the Social Protection Cortted (2011) in their assessment of the

EU 2020 Growth Strategy, which is the steering WheeEuropean economic and social



integration over the period 2010-2020@.replaced the previous Lisbon Strategy (effetiv
between 1990 and 2000). Although the Social Prote€ommittee here recognizes that

greater efforts are needed to increase efficiefispaal protection, often by means of

reinforced targeting of social transfers to therpatember states are also encouraged to raise

benefit levels in regions with weakly developediabgrotection. This latter aspect of EU
social integration is important because it poiota growing awareness of mere targeting of
social protection being insufficient for effectigeverty alleviation — the size of transfer
income has to be recognized as well.

When focus is shifted from the European contexleteeloping countries, this
multidimensional perspective on social protectiaorcerning both the concentration of
benefits to the poor and the size of transfer ireentends to disappear. Most of the debate
about social protection and poverty in developiagntries concerns principles in policy
designs related to the distributive profile of sdbtransfers, disregarding the amount of

money that actually is redistributed.

Social Protection Reform in Developing Countries

Targeting of social protection has often been thdigg principle of social reform in low-
and middle-income countries, apparently influeniogthe combination of dominant macro-
economic doctrines and aid policies (Mkandawirdd3)0The perhaps most recognized set of
programs in this context are the so-called conaiti@ash transfer schemes, above all
extensive in Latin America. Conditional cash transfare targeted to poor households that
meet certain behavioral requirements, generalbtedlto health care or education of
dependent children. The scope of conditional cestsfer programs is sometimes substantial
and one of the largest programs is in Brazil, whieed3olsa Familiareaches roughly 11

million households (Soaret al, 2010).



Although some evidence indicates that conditi@aah transfers are successful in terms
of program enrollment and health care provisiortiierpoor (Rawlings & Rubio, 2006),
worries have been raised in connection with prograuwerage as well as failures to meet
immediate needs and short-term poverty alleviabigjectives. Many conditional cash
transfer schemes still exclude large parts of e population and lack of coverage is
particularly pronounced among elderly and famiighout young children. Moreover,
benefit rates are often set very low, typicallyyoehough to reduce the depth and not the
incidence of poverty, perhaps with the exceptioexdfeme poverty where evaluations point
to some success (Handa & Davis, 2006).

The underlying economic arguments of targetinthencontext of social protection in
low- and middle-income countries are in severalsvayalogous to the ideas that have guided
the re-structuring of welfare states in affluentimivies, focusing on fiscal constraints and
assuming negative consequences on economic gréwibre comprehensive social
protection programs. In terms of development dudre has also been a shift in preferences
from assisting developing countries towards helgpagr people in these countries directly;
changes that have entailed strong emphasis ortedrgecial transfer programs. For many
donor countries and organizations it has for praltreasons become necessary to
demonstrate either that aid to a high degree dgtxesches the poor (i.e. that it is efficient) or
at least that aid is not harmful for economic gtawthis one-sided focus on targeted transfers
has now increasingly become questioned (Holmg2st,1).

The discussion about social protection and povartieveloping countries has recently
been taken beyond the potential merits of targetegpgnizing also other principles in
program designs. This broadening of the scopedaaktransfers is partly visible in the
revised approach for social protection in develgmauntries recently adopted by the World

Bank (2012), which for decades has been one ahtkia advocates of conditional cash



transfer schemes and other forms of targeted hgrefyrams. The World Bank was engaged
in the policy-making processes preceding the gettpmof conditional cash transfer schemes
in Latin America, where they provided advice aslaeltechnical and financial support,
especially in the initial reform stages. They hais® been active reforming minimum income
benefits in South East Asia and in parts of AfriCarrently, the World Bank is organizing
pilot programs for the strengthening of low incogneups in Greece, which was severely hit
by the global financial crisis.

The World Bank now seems to recognize that additicmeasures may be needed to
further promote global social development, althotigdre certainly already has been some
progress concerning reduction of extreme poveityceSthe 1980s both the incidence and
depth of poverty has been reduced in some middienne countries (Chen & Ravallion,
2010), meanwhile millions of extremely poor pedpéee gained access to various types of
targeted social transfers (Barrientos & Hulme, 30Hbwever, much less progress has been
made in terms of reducing income inequalities, Whiemain stubbornly high particularly in
Latin America, in part due to insufficiencies irc&d protection (Lopez & Perry, 2008; Goili
et al, 2011).

In the new strategy for social protection in depahg countries, the World Bank seems
to have adopted a more open attitude than prewiprestognizing also the role of universal
policy responses in social protection and to soxtent acknowledging the need for
comprehensive social insurance programs. Howevelgtding strategy is still focused on
the distributive profile of social protection, wiss attention devoted to the size of transfer
income and the amount of money actually receivethbyoor. In fact, with the exception of
a short subordinate clause in relation to old-agesns, we do not find a single reference to
neither benefit rates nor entitlement levels in\tharld Banks’ recently adopted Social

Protection and Labor Strategy. This general neglette size of transfer income is



unfortunate, particularly when it comes to underdiag the link between social protection

and poverty in global perspective.

Data and M ethodological Consider ations

Data

Comparative research on income distributions reguavailability of high quality cross-
national data. The Cross-National Data Center ixebtbourg (LIS) is an international
research infrastructure that assembles nationabAegwel income datasets and harmonizes
data to improve comparability between countriexdRéy, great efforts have been made to
include middle-income countries in LIS. For eachrtoy in LIS we have used data as close
to 2005 as possibfeEach country data file includes a representatvepe of national
populations, ranging from around 2700 householdeigium to 118000 households in
Brazil.

In order to analyze the role of social protecfimnglobal poverty we have constructed
two indicators from LIS data; one measuring therde@f targeting of transfer income and
another measuring the size of transfer income.LT8esariable on social protection that we
use is “Hits”, including transfer income from antensive set of contributory social insurance
programs and non-contributory universal or meastetebenefit programs. Also near-cash
benefits are included here, such as food stamipeitynited States. The degree of targeting is
measured using the common procedure in compana$earch to calculate the concentration
coefficient of transfer income (Korpi & Palme 19%&nworthy 2011). Here we follow
suggestions by Fields (1979) and Kakwani (1986)caiculate the concentration of transfers
in the income distribution when households are edréccording to factor income (LIS-
variable “Factor”), including income from labor acapital. For ease of presentation, the

degree of targeting is measured by multiplyingdbecentration coefficient of transfer



income by a factor of -1.0. The degree of targetihtyansfer income ranges between values
of -1 and +1. Positive values indicate that transfeome concentrates in the lower half of the
income distribution, and that the degree of tangeits high. Negative values indicate that
transfer income concentrates in the upper haliefincome distribution, and consequently
with lower degrees of targeting to the poor. Valdese to zero suggest that transfer income
is evenly distributed across the income distributibhe size of transfer income is measured
as percentage of factor income, summed and aveeagess all households in respective
country.

In terms of possibilities for policy inferencegthtrategy to measure the concentration of
transfers in the income distribution has some deskb not always acknowledged in the
comparative social policy literature. One issueceons the potential confusion of
institutional structures and social risks, rendgrifferences about policy design difficult to
make. Even a universal program covering nearlyyesizen may concentrate in the lower
half of the income distribution simply because Itleaefit mainly is received by those with
lower incomes. One example is Swedish sicknessansa, where earnings-related
compensation is combined with nearly universatitae basic benefits. Although most
individuals qualify for payments, beneficiariesden be concentrated to the lower part of the
income distribution due to higher risks for sickhamong poorer households. It is thus
problematic to draw direct conclusions about potlegign solely based on the concentration
of transfers in the income distribution.

Unfortunately, rule-based institutional data orjonaocial transfer programs that are
readily available for systematic comparative analge not exist for middle-income
countries. We therefore need to rely on otheresgras to improve possibilities for policy
inference. One alternative approach is to restnigpirical analyses to population groups

where risks for loss of market income are more kygdsstributed. An obvious candidate is



transfer income and poverty among elderly citizémparts of the empirical analysis we
therefore restrict the number of observations aedg explicitly on elderly citizens. The size
of transfer income among elderly is measured aepégige of factor income in total
population, while the degree of targeting showsctirecentration of transfer income among
the elderly, after being ranked according to fagtoome.

A number of contextual factors may influence thsogiation between transfer income
and poverty. Among confounding variables at coutdwel we include GDP per capita in
purchasing power adjusted US Dollars, using data fthe World Bank. Due to wide
differences in economic development between ountti®s we use the natural logarithm of
GDP per capita. GDP-data for Taiwan is from thenmational Monetary Fund. The share of
rural population is from the United Nations. Mea&suon total labor force participation and
female labor force participation are from the Intgronal Labour Organization. We also
include a dummy variable indicating whether a couistan OECD-member or not. All
country-level variables refer to the same obseswayear used in LIS. Descriptives of country

level variables are in appendix table A.

Equivalence scales

Household incomes have been standardized to refdectomies of scale according to
household size using the so-called square roovalguice scale, nowadays the most
commonly used scale in comparative research ommaatistributions. Equivalized incomes
are used for our poverty measurements as welldomalicators on size and targeting of
social transfers. According to the square rootesdausehold income is divided by the square
root of household size (i.e. number of householchbers). However, because equivalized
incomes of large families are particularly affecbgcthe weights attached to different

household members, it is often necessary to chumkstness of results for alternative



assumptions (Buhmaret al,, 1988). Such sensitivity analyses are particuladrranted in
poverty measurements comprising middle-income casjtwhere fertility rates are higher
and many families live in larger intergenerationalseholds. In parts of the analysis we
therefore use two established alternative equicalecales assuming smaller economies of
scale in households; the so-called old OECD-scaletwassigns a value of 1 to the first
household member, 0.7 to each additional adulOahdo each child; and the modified
OECD-scale, which also gives a value of 1 to theskbold head, but 0.5 and 0.3 to each

additional adult and child, respectively.

Poverty measurements

Poverty is measured using three different natigragfined thresholds commonly used in
comparative research: corresponding to 40, 50 @rkécent of median equivalized
disposable household income. Poverty counts @heeandividual level, although income as
such is measured at the household level. Peofilegfélelow the poverty threshold are
considered to be poor, relatively speaking. AltHoiignay be justified to use more absolute
approaches to poverty measurement - especialowrincome countries - such as the World
Bank’s $1.00-$2.50 a day poverty lines (Chen & Rara 2010), we argue that the relative
income thresholds used in this study provide pguweasurements that are both valid and
relevant in a global assessment of policy impactsiddle- and high-income countries.

At higher income thresholds, the relative aspécdiuo measurements to greater extent
links poverty to the issue of inequality in a breadense, although with particular focus on
economic well-being of people in lower parts of theome distribution. Such poverty
measurements are highly relevant for several miodieme economies in transition. In 2007,
for example, Chile, Estonia, Israel, Russia and&ia were invited for discussions about

their possible OECD-membership, and enhanced engagevas offered to Brazil, China,



India and South Africa. Against the backgrounduadtstransition processes it appears
imperative to raise expectations on global soaaktbpment and explicitly tie the issue of
poverty to that of income inequality.

At lower income thresholds, the distinction betwabsolute and relative perspectives
in poverty measurement is less obvious. While $683) argued that there is an absolute
dimension in poverty analysis, for example, by méfig to minimum levels of nutrition,
shelter and clothing, Townsend (1985) stated thatactice most definitions of poverty are
socially derived, and hence absolute and relatbxegy measurements often overlaphe
relative income thresholds used in this study arexceptions. According to LIS key figures,
the 40 percent poverty threshold yields an incagwellof 1.25 international dollars per day in
China, or 0.92 international dollars per day inidfdThese income levels can be compared
with the median poverty threshold for developingroies used by the World Bank,
corresponding to two international dollars per (Rgvallionet al, 2009). Thus, at lower
income thresholds, our analysis is more concerntédextreme poverty and severe states of

destitution.

Statistical estimation strategy
Because our data include observations that arelated within higher-level units, where
individuals are tied to countries, we estimateraeseof logistic multilevel regressions using
the “xtmelogit” command in STATA. One potential plem of applying standard regression
techniques based on such nested data is that sflegrdars of higher-level parameter
estimates tend to be underestimated, thus inciggpsissibilities of Type | errors, where the
null hypothesis of no association is rejected, il lack of association is true.

As it is somewhat problematic to include a largeas contextual variables in multilevel

regressions based on small group sizes (Meulemiitli&t, 2009), the impact of transfer



income is estimated in three integrated stepst, ks estimate the association between
transfer income and poverty while only controllfiog compositional effects at individual
level. Second, we assess the impact of transfemeafter confounding adjustment at
country-level. Here, country-level confounding adites are added to the regression models
separately and one at a time. As a final test, stienate full models including all confounding
country-level variables.

Although we adjust for a number of reasonable e&xuatl factors, the risk of bias
caused by omitted country-level variables shouldoeoneglected. Another issue of concern
is unmeasured behavioral responses to social p@wlyavioral effects are difficult to
estimate using cross-sectional data. Even if wesadpr compositional effects at individual

level, results should therefore be interpretedicasly.

Results

We begin the empirical examination by plotting tlegree of targeting and size of transfer
income against the poverty rate in each countnygugie three different income thresholds
noted above. Figures l1a-f reveal substantial anasienal differences in relative income
poverty. Poverty rates range between 2 and 20 piendeen we use a poverty threshold
corresponding to 40 percent of median equivalizedasable household income. At the 50
and 60 percent poverty thresholds, poverty rategbetween 5 and 25 percent as well as
between 10 and 30 percent, respectively. Both ¢ggees of targeting and the size of transfer
income are negatively associated with poverty ahtry-level. Thus, the more transfer
income is concentrated to the lower parts of titenme distribution, and the higher the size of

transfer income, the lower poverty rates tend to be

(Figures la-f about here)



The bivariate associations between transfer incamaepoverty are slightly stronger for
the degree of targeting, although the size of feanscome is more evenly clustered along
the regression lines for all countries. The unetgmig high level of social transfer income in
Hungary and Poland is due to the comparatively tagk-up of retirement benefits among
working age familieS.Due to this extraordinary distribution of old-guensions, we have re-
run all analyses excluding both Hungary and Polamithout any substantial changes in main
results on policy impacts (see appendix table B).

The degree of targeting of transfer income is enily skewed to the right hand side of
the scatterplots as most countries score positiis dimension. A few countries deviate
from this general pattern, including China, Coloaliistonia, Guatemala, India, Peru and
Taiwan. The negative value on the degree of targetihhows that social protection is
regressive in these countries, something thakeylito reflect their strong emphasis on
employment based social protection in the contértlatively large informal economic
sectors. In Latin America, for example, peoplehi@ tipper half of the income distribution
often qualify for contributory social insurance béts of much higher quality than the
targeted conditional cash transfer schemes thaadays exist for parts of the work force
outside formal employment (Skoufias et al., 20BXhough many of the poorer countries
appear to form a distinct cluster, our resultsfaidy robust in terms of country composition.
Most importantly, the negative bivariate assocraibetween social transfer income and
poverty appear also when analyses are separategtddyof economic development (see the
diagonal dashed lines in figures la-f above).

The descriptive analysis above makes no adjustfoenbmpositional effects of
individual-level variables, nor are country-levehéounding factors taken into account. In

order to provide a more formalized empirical tdsbur hypothesis, we will next perform a



series of multilevel regressions adjusting for cosifional effects at individual level. Due to
missing data for some countries in LIS, we are sonae constrained in terms of individual-
level variables that can be included in the analydonetheless it is possible to take into
consideration a number of individual-level factofselevance for the distribution of poverty
risks, including the number of children in the helusld. Since multigenerational households
are common in many middle-income countries, as agelh parts of Southern Europe, we
also include the number of elderly household membaraddition we include age,
educational attainment and employment status ofitisehold heatf. Descriptives of
individual-level variables are in appendix table B.

Table 1 shows multilevel logistic regression medslpoverty on the degree of
targeting and size of transfer income. We estirmap@arate regressions models using the three
poverty thresholds above. Although individual-lefeadtors are not our primary focus they
nevertheless motivate some discussion. All coeffits at individual-level are as expected.
Number of children in households is positively @&sst@d with poverty, whereas households
with elderly persons tend to have lower povertkgishe latter result is most likely due to
retirement pension income, which for many eldeslhigh enough to reduce poverty
incidence. Single person households are more likelhe poor, whereas higher levels of
educational attainment among household heads rguhwesty risks. Poverty risks are also

lower when the household head is employed.

(Table 1 about here)

Next we move to our main country-level variablegidently, the size of transfer

income is negatively associated with poverty ir@djression models and effect size increases

somewhat at lower poverty thresholds. Thus, the gizransfer income seems to be



particularly crucial for alleviating extreme powerineasured as household incomes below the
40 percent threshold. Notably, the degree of targedf transfer income is unrelated to
poverty, no matter which poverty threshold thanslyzed.

Since the association between transfer incomgandrty may be influenced by
confounding contextual factors, Table 2a-c showslte from the inclusion of additional
country-level variables. Analyses are once aganmtuoted separately for each of the three
poverty thresholds. All models include the full siieation of individual-level variables (not
shown). The size of transfer income retains ite@asion with poverty, while the degree of
targeting of transfer income still is statisticalhgignificant. In fact, the size of transfer
income is the only country-level variable thatatry income threshold is consistently linked
to poverty (i.e. the association is statisticalgngficant in the full regression model and in the
restricted models including a smaller selectionaintry-level variables). Thus, adjustment
for country-level confounders does not affect taistically significant negative association

between size of transfer income and poverty obsdrvéhe bivariate scatter plots above.

(Tables 2a-c about here)

Among confounding country-level variables, onlpeomic development and size of
rural populations are significantly related to pyen parts of the empirical analyses. The
coefficients of GDP per capita are negative antissizally significant only in the full
regression models at lower poverty thresholds.sie of rural populations is consistently
related to poverty at the 50-percent poverty thokstwhereas the association is statistically
significant only in the full regression models wttha 40-percent and 60-percent poverty

thresholds are used. The negative association batraeal populations and poverty is



somewhat surprising. However, it should be noted skveral rich countries have extensive
rural populations. In fact, among our countriesg, share of rural populations is highest in
Ireland. In addition, Germany, Luxembourg, Austdiapan and France score above average
on this dimension.

Since the choice of equivalence scale are likeftect poverty measurements, Table 3
shows multilevel logistic regression models of ptywen various country-level factors using
the two alternative equivalence scales above. Coedfa the square root scale, the old and
modified OECD-scales often increase poverty amanglfes with children, whereas income
positions of households with few members typically improved. Coefficients of individual-
level variables are not shown. Regardless of whaihivalence scale we use, the association
between size of transfer income and poverty is thegand statistically significant. Still,
there is no association between the degree ofttaggef transfer income and poverty.

The choice of equivalence scales affects the iooefts of some country-level
confounders. One example is the coefficient of flertebor force participation, which now is
statistically significant at higher poverty threkl® Quite unexpectedly, female labor force
participation is positively associated with povartyhese models. However, effects
associated with female labor force participatioowti be interpreted cautiously as they only
appear when the total labor force participatioe ratincluded in the same regression model.
When effects of female labor force participatioessimated individually in a separate

regression model, the coefficient is no longeristiaally significant™*

(Table 3 about here)

The systematic absence of an association betweestegree of targeting of transfer

income and poverty in the multivariate regressioalyses is somewhat surprising, not the



least in perspective of the often strong emphasisuget efficiency nowadays characterizing
public debates about social protection and povarteveloped and developing countries
alike. As discussed previously, the concentratioinamsfers in the income distribution is a
function of institutional structures and sociakssPreferably, we would like to hold one of
these factors constant in the empirical analysisthareby facilitate more relevant policy
conclusions. In absence of comparative rule-baatal@h social transfers, we will next
analyze the association between transfer incomg@awerty among elderly citizens. It is here
reasonable to assume that risks of losses in mawt@ihe are more evenly distributed than in
total population.

Table 4 shows multilevel logistic regression msd#lpoverty on various country-level
determinants in the elderly population. Althoughderetirement ages differ somewhat across
countries and sometimes also between men and waiti@n countries, we restrict the
analysis to households headed by persons agedd6é®van? Also here we include the full
set of individual-level variables (not shown). Résare not remarkably different to those
obtained analyzing total populations above. The efzransfer income is negatively
associated with poverty among the elderly, whiledbgree of targeting still is non-
significant. Among confounding country-level vaiedy only the size of rural populations are
statistically linked to old-age poverty at all payethresholds. Although it is problematic to
straightforwardly compare regression estimatessaanon-nested models, it is obvious that
the coefficients associated with the size of transfcome increase dramatically when
analyses are restricted to the elderly. The steffegt of the size of transfer income among
the elderly is of course due to the structure tfement benefits, which contributes

substantially to disposable income in this popalatategory.

(Table 4 about here)



Discussion

This study has dealt with an old issue that yeiralgas surfaced in social policy-making and
social policy analysis alike: to what extent daggéting and size of social transfers matter
for global poverty? These issues have recently beeentuated by key international
organizations as they have reorganized their spoméction strategies for developing
countries. Although scholars, policy makers antledtalders nowadays appear to recognize
that effective redistribution and low levels of g poverty and inequality requires a broad
set of transfer programs, the debate is still veogh focused on the distributive profile of
transfer income and low-income targeting in thegtesf social protection.

In this study we have argued for a multidimensigeaspective on social protection that
takes into consideration not only the degree @fating but also the very size of transfer
income. Based on new micro-level income data fragfor 40 countries we have been able
to address the extent to which these two policyedisions are associated with poverty in both
middle-income and affluent countries. The resuitsasthat the size of transfer income is
more decisive for global poverty than the degrefeting. In countries where size of
transfer income is higher, poverty risks tend tddveer, in total population as well as among
the elderly. Thus, targeting may not necessarilthkeemost central policy feature in the
design of social protection if our aim is to acleéew poverty rates on a global scale —
another essential factor is the very size of tremisicome. Our results are remarkably robust
in terms of estimated compositional effects atvitlial-level and confounding effects at
country-level.

The results of this study provide additional infiuthe global social development
discourse, where issues of efficiency still markgyodebates. The effectiveness of social

protection to actually reduce poverty risks is eagibed in our approach, somehow at the



expense of the often one-eyed focus on targeteefibenTargeted approaches to social
protection are of course preferable if the volurheesources available for redistribution is
determined exogenously, which is commonly assumeedsearch and public debates about
social protection and global social developmenth&nlonger perspective, however, the size
of transfer income is far from predetermined byayoment fiscal capacity, but influenced by
the overall organization of social protection andsequent interest coalitions that are built up
in society. Inclusion of wider population groupsiion-targeted programs may here increase
political goodwill to raise benefits further up tileome scale, meanwhile reducing poverty
traps and supporting labor force participation. §itbere is not necessarily a simple trade-off
between efficiency and effectiveness in the desigsocial protection. Quite the contrary,
among affluent countries it is actually possibledentify positive-sum solutions where the
provision of social protection to those above theguty line strengthen political and financial
possibilities to provide generous income transédse to the poor (Nelson, 2006).

The extent to which processes of this kind areaipey in a wider global context
remains unclear. A thorough investigation of thétjgal economy of social reform in a
global perspective has been beyond this studyvasutd require an analysis of
interdependencies in the components of social gioteusing institutional social policy data,
potentially also addressing complementing driveush as the organization of political
systems, the composition of electorates and coenerypressures caused by globalization.
Hitherto, analyses on social protection and povarthe global perspective have been carried
out using micro-level income data, providing rowgidence on effects of different policy
designs. One of the most troubling aspects hdteisonfusion of rule-based structures and
social risks. We aimed to address this problemelsyricting parts of the empirical analyses to
the elderly population. Another viable approactoisise institutional data that in greater

detail describes the actual content and qualigoafal protection programs in terms of



eligibility criteria, entitlement levels and finang principles (Ferrarinet al.2013). We thus
need to make further investments in research iméretsires and begin collecting accurate
rule-based comparative policy data, particularlpaglow- and middle-income countries
where policy structures are less investigatededms of data availability, some progress has
been made particularly concerning Latin Americanntoes, although efforts mainly have
been made in terms of narrowly defined programsaBarrientost al, 2005; Esseet al,
2009) or expenditures (Huber al,, 2008).

We do not deny the great challenges of colledtisgitutional policy data accruing to
low- and middle-income countries. When the ruleeldaasnd institutional perspective on
social protection is shifted from affluent counsrie developing contexts, we need to take a
wider set of issues into account. Insufficiencregevernance structures, financing and
implementation are only a few examples of poliaytdas that need to be analyzed in addition
to the rules as such. The role of informal econasentors, agricultural structures, aid policies
and local social networks are other important cdatgis that need to be considered (Wood &
Gough, 2006). However, despite the quite substaesaarch challenges that lie ahead, we
believe that the results of this study undersdoeefuitfulness of large-scale comparative
approaches in research on global social developarghpoverty, integrating wider cross-
national contexts and separating central dimensibsscial transfer programs.

In the continued efforts of expanding comparatesearch on global social
development we have demonstrated that it is esdewti to confine discussions to targeting
of social transfers and the distributive profilesotial protection — it appears equally, if not
more, important to consider the very size of trangfcome, particularly when it comes to
explaining cross-national differences in povertyoagimiddle- and high-income countries. It
is here imperative to continue investigating tin lbetween social protection and global

poverty, analyzing the extent to which our findiraggply when extending the study further to



low-income contexts. However, this would requireess to comparative micro-level income
data also for the world’s poorest regions, inclgdiarts of Sub-Saharan Africa and South-

East Asia.

Notes

! Targeting and universalism are ambiguous condbptsare often used in social policy
research to distinguish between different formsaufial protection. In this paper, like in most
comparative studies on social protection in afftumruntries, targeting refers to principles in
program design that make benefits concentrate apoogpeople, for example, by using
means-testing in order to asses eligibility. Unsatibenefits do not share this property
because eligibility here is established withoutsideration to family income. Besides the
distinction between targeted and universal benefits common to differentiate also between
contributory and non-contributory benefits. Meaastéd and universal benefits are typically
non-contributory and financed out of general tasereie. The main form of contributory
benefits is social insurance, where eligibilityesftis based on contributions paid by
beneficiaries or paid on behalf of beneficiaries,dxample, by employers.

% The ineffectiveness of targeted programs to regoerty and increase well-being among
citizens is due to a multitude of factors. Incongleoverage, stigma imposed on beneficiaries
and benefit non-take-up are a few examples (Fagaal, 2012). Others are perverse incentive
effects and creation of poverty traps (van Oorsc2@d2). A further reason is of course
benefit rates, which often cover only a modicunbadic needs. It is here illustrative to note
that almost all last-resort safety nets in Euraketd provide benefits that are high enough to
lift households above the so-called EU at-risk-@fqrty threshold (Nelson, 2013). The EU

at-risk-of poverty threshold is 60 percent of mediguivalized household income.



% One important criterion for evaluating efficierisythe degree to which transfer income goes
to those below the poverty line (Beckerman, 1979).

* The Social Protection Committee is responsibleémperative exchange between Member
States and the European Commission in areas @l gwotection and inclusion.

> Greece is one of two countries in the EU wher@nat frameworks for last resort safety
nets are absent.

® Following countries are included in the empiriaahlysis, with observation year within
parenthesis: Australia (2003), Austria (2004), Betg(2000), Brazil (2006), Canada (2004),
China (2002), Colombia (2004), the Czech Repul2®©4), Denmark (2004), Estonia

(2004), Finland (2004), France (2004), Germany 720Greece (2004), Guatemala (2006),
Hungary (2005), India (2004), Ireland (2004), 1$2€05), Italy (2004), Japan (2008),
Luxembourg (2004), Mexico (2004), the Netherlard), Norway (2004), Peru (2004),
Poland (2004), Romania (1997), Russia (2004), tbea® Republic (2004), Slovenia (2004),
South Africa (2008), South Korea (2006), Spain @0&weden (2005), Switzerland (2004),
Taiwan (2005), the United Kingdom (2004), the Uaigtates (2004), and Uruguay (2004).
"It is beyond this study to analyse the multifadetature of poverty. Although our focus is

on income poverty, we note that individual vulnéiibs may vary extensively across
countries in a global perspective.

8 LIS key figures are available online at http://wilisdatacenter.org/data-access/key-figures/.
® The public pension system in Hungary and Polaed ts provide several options for early
retirement, which are now being phased out or posed. However, still effective retirement
ages in Hungary and Poland is clearly lower thenQECD average (OECD, 2013).

19 Educational attainment of the household headrdjstshes between three categories based

on the International Standard Classification of &dion from UNESCO (ISCED97). Low



education, less than secondary education completedium education, secondary education
completed; high education, tertiary education catgal.

1 This analysis is not shown in the table, but camltain from the corresponding author.

12 The legal retirement age is a rather fuzzy conasitin some countries refers to the age at
which people are either expected or required tsegark. In other countries it may refer to
the age at which people are entitled to receiveagklbenefits. The legal retirement age often

differs from the effective retirement age (i.e. #ge at which people actually cease work).
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Table 1. Multilevel Logistic Regression M odels of Poverty on Degree of Targeting and

Size of Transfer income

Model
Poverty threshold

I
40%

I
50%

11
60%

Individual-level variables
No. children

No. elderly

Single person

Age

Medium education
High education
Employed

Country-level variables
Size of transfer income

Targeting of transfer income

No. obs.
No. countries

0.087**
(0.002)
-0.310%*
(0.009)
0.162+*
(0.010)
-0.004**
(0.000)
~1.171%*
(0.013)
-2.048**
(0.025)
-0.189**
(0.008)

-2.095*
(0.991)

-0.421
(0.720)

634280
40

0.090**
(0.002)
-0.318**
(0.007)
0.173**
(0.009)
-0.004**
(0.000)
-1.135%*
(0.011)
-2.062**
(0.019)
-0.234**
(0.007)

-1.914*
(0.809)

0.222
(0.588)

634280
40

0.092**
(0.001)
-0.341**
(0.007)
0.193**
(0.008)
-0.004**
(0.000)
-1.106**
(0.010)
-2.065**
(0.016)
-0.272**
(0.006)

-1.636*
(0.673)

0.934
(0.490)

634280
40

Note: Standard errors within parentheses. Constant is not shown. No. obs, number of observations; No.

countries, number of countries,
* p<0.05 ** p<0.01
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Table 2a-c. Multilevel Logistic Regression Models of Poverty on Various Country L evel Deter minants

a) 40% poverty threshold

Model I 1 i v \Y \ VI
Country-level variables

Size of transfer income -2.184** -2.118* -2.187* -2.103* -1.944* -2.552* -3.002**
(0.961) (1.014) (1.054) (0.995) (0.988) (1.055) (1.086)
Targeting of transfer income 0.825 -0.463 -0.441 -0.415 -0.770 -0.533 0.004
(1.031) (0.819) (0.724) (0.724) (0.783) (0.716) (1.024)
Ln(GDP) per capita -0.324 -0.512*
(0.198) (0.247)
OECD 0.029 0.298
(0.267) (0.266)
Tot labforce part -0.501 1711
(1.946) (6.271)
Female |abforce part -.1164 2.235
(1.399) (3.003)
Rural population -0.814 -1.718*
(0.770) (0.748)
Employment rate -2.001 -5.739
(1.756) (3.925)
No. obs. 634280 634280 634280 634280 634280 634280 634280
No. countries 40 40 40 40 40 40 40
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b) 50% poverty threshold

Model

1 Il v V VI VI

Country-level variables
Size of transfer income -1.945* -1.995* -2.052* -1.911* -1.692* -2.222** -2.826**
(0.806) (0.827) (0.860) (0.813) (0.783) (0.867) (0.886)
Targeting of transfer income 0.670 0.074 0.192 0.220 -0.285 0.146 0.148
(0.863) (0.668) (0.590) (0.592) (0.621) (0.588) (0.835)
Ln(GDP) per capita -0.117 -0.397*
(0.165) (0.201)
OECD 0.101 0.268
(0.217) (0.216)
Tot labforce part. -0.747 -3.149
(1.588) (5.131)
Female |abforce part 0.037 3.539
(1.143) (2.456)
Rural population -1.185* -1.742%*
(0.609) (0.609)
Employment rate -1.354 -2.534
(1.443) (3.208)
No. obs. 634280 634280 634280 634280 634280 634280 634280
No. countries 40 40 40 40 40 40 40
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) 60% poverty threshold

Model I 1 Il v \' \ VI
Country-level variables

Size of transfer income -1.638* -1.726** -1.729* -1.619* -1.438* -1.821** -2.372*%*
(0.674) (0.686) (0.716) (0.676) (0.647) (0.725) (0.752)
Targeting of transfer income 0.969 0.773 0.915 0.921 0.482 0.889 0.569
(0.724) (0.554) (0.491) (0.492) (0.513) (0.492) (0.710)
Ln(GDP) per capita -0.009 -0.240
(0.139) (0.172)
OECD 0.111 0.207
(0.181) (0.184)
Tot labforce part -0.502 -3.279
(1.324) (4.347)
Female |abforce part 0.239 3.334
(0.952) (2.087)
Rural population -1.057 -1.352**
(0.504) (0.517)
Employment rate -0.810 -1.671
(1.209) (2.723)
No. obs. 634280 634280 634280 634280 634280 634280 634280
No. countries 40 40 40 40 40 40 40

Note: Standard errors within parentheses. Includes full specification of individual level effects. Constant is not shown. No. obs, number of observations; No. countries,

number of countries; Female labforce part, female labour force participation rate; Tot labforce part, total labour force participation rate.
* p<0.05 ** p<0.01



Table 3. Multilevel Logistic Regression M odels of Poverty on Various Country L evel
Deter minants Using Alter native Equivalence Scales

Model I I i v Vv VI
Poverty threshold 40% 50% 60% 40% 50% 60%
Equivalence scale Modified Modified Modified old QOld QOld
OECD OECD OECD OECD OECD OECD
Country-level variables
Size of transfer income -3.081** -2.645** -2.023** -2.908** -2.047* -1.815**
(1.102) (0.908) (0.756) (1.071) (0.863) (0.738)
Targeting of transf.inc. -0.103 0.111 0.759 0.016 0.288 0.840
(1.040) (0.858) (0.715) (1.010) (0.816) (0.697)
Ln(GDP) per capita -0.582* -0.418* -0.314 -0.566* -0.376 -0.267
(0.251) (0.207) (0.172) (0.243) (0.196) (0.168)
OECD 0.355 0.250 0.189 0.328 0.192 0.195
(0.271) (0.222) (0.185) (0.263) (0.212) (0.180)
Tot labforce part 0.282 -4.327 -5.506 -0.917 -5.619 -6.936
(6.377) (5.279) (4.361) (6.187) (5.003) (4.263)
Female labforce part. 3.517 4.605 4.437* 4.051 5.031* 5.060**
(3.051) (2.527) (2.096) (2.964) (2.400) (2.050)
Rural population -1.780* -1.524* -1.325%* -1.923** -1.290* -1.131*
(0.761) (0.625) (0.520) (0.738) (0.594) (0.508)
Employment rate -5.567 -2.604 -0.259 -5.100 -1.480 0.607
(3.992) (3.297) (2.736) (3.876) (3.128) (2.669)
No. obs. 634280 634280 634280 634280 634280 634280
No. countries 40 40 40 40 40 40

Note: Standard errors within parentheses. Includes full specification of individual level effects. Constant is not
shown. For variable labels, see tables 2a-c.

* p<0.05; ** p<0.01
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Table 4. Multilevel Logistic Regression M odels of Poverty on Various Country L evel
Determinantsin Elderly Population (65 Years and above) at Different Income
Thresholds

Model v Y VI
Poverty threshold 40% 50% 60%
Country Level variables
Size of transfer income -5.450** -5.465**  -6.195**
(1.666) (1.613) (1.620)
Targeting of transfer income 1.733 0.730 1.059
(1.054) (0.941) (0.937)
Ln(GDP) per capita -1.004* -0.620 -0.595
(0.428) (0.395) (0.388)
OECD 0.647 0.544 0.643
(0.450) (0.443) (0.436)
Tot labforce part -6.466 -8.404 -6.980
(10.694) (10.419) (10.414)
Female labforce part 1.448 1.908 2.808
(4.399) (4.362) (4.421)
Rural population -3.091* -3.147** -2.732*
(1.271) (2.193) (2.173)
Employment rate 4.868 4.966 1.589
(6.252) (6.193) (6.173)
No. obs. 21164 21164 21164
No. countries 41 411 41

Note: Standard errors within parentheses. Includes full specification of individual level effects, except for
number of elderly in the household. Constant is not shown. For variable labels, see tables 2a-c.
* p<0.05; ** p<0.01



Figure la-f. Degree of targeting, size of transfer income and poverty in 40 countries

a) 40 percent income threshold b) 40 percent income threshold
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Note: The categorization of countries by region and income is from the World Bank (2014).

Sour ce: Luxembourg Income Study, OECD.Statextract.
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Appendix Table A. Descriptives of individual-level and country-level confounding variables

Mean values Absolute values
Country  No. No. Single Age Medium Employed Ln(GDP) OECD Tot labforce Rura  Empl
children elderly person education  education labforce part  pop rate

AU 0.71 0.28 027 4174 0.09 0.82 0.61 10.34 1 0.64 056 012 060
AT 2.04 0.11 0.07 3454 0.63 0.20 0.70 10.41 1 0.58 050 034 055
BE 2.20 0.02 0.06 33.74 0.36 0.46 0.84 10.32 1 0.52 044 0.03 049
BR 3.02 0.11 0.18 25.53 0.16 0.03 0.44 9.08 0 0.70 059 016 064
CA 2.13 0.04 0.08 3441 0.28 0.61 0.78 10.44 1 0.67 061 020 062
CN 1.56 0.22 0.04 28.75 0.13 0.06 0.58 8.04 0 0.76 070 060 072
CO 3.38 0.20 020 29.47 0.14 0.05 0.54 8.86 0 0.67 054 027 059
Ccz 177 0.04 0.08 33.01 0.40 0.14 0.60 9.90 1 0.59 051 027 054
DK 2.13 0.02 0.10 34.07 0.44 0.34 0.80 10.39 1 0.66 061 014 063
FR 2.14 0.02 006 3321 0.42 0.30 0.72 10.29 1 0.56 050 023 051
Fl 2.46 0.01 0.05 33.27 0.21 0.18 0.63 10.31 1 0.61 056 039 056
DE 1.92 0.01 0.08 34.46 0.53 0.31 0.68 10.34 1 0.58 050 025 052
GR 1.78 0.04 0.03 35.18 0.44 0.29 0.74 10.08 1 0.53 042 041 048
GT 481 0.14 016 24.99 0.06 0.01 0.51 8.34 0 0.67 047 033 065
HU 215 0.14 0.10 35.09 0.34 0.26 0.72 9.74 1 0.50 043 034 047
IN 4.13 0.35 010 21.87 0.03 0.03 0.39 7.64 0 0.61 036 071 058
IE 2.30 0.02 012 3441 0.38 0.33 0.64 10.53 1 0.60 050 040 058
IL 3.32 0.06 005 3235 0.16 0.17 0.55 10.06 1 0.55 050 0.08 050
IT 2.02 0.08 0.03 29.34 0.22 0.07 0.51 10.25 1 0.49 038 032 046
JP 2.17 0.42 0.05 40.37 0.46 0.49 0.66 10.35 1 0.60 049 034 058
LU 2.13 0.05 0.04 34.95 0.34 0.27 0.71 11.10 1 0.54 045 017 051
MX 3.20 0.17 0.17 3162 0.09 0.05 0.56 9.38 1 0.61 041 024 058
NL 221 0.01 0.04 3427 0.44 0.36 0.83 10.45 1 0.64 056 020 062
NO 2.33 0.01 0.10 1859 0.56 0.36 0.38 10.75 1 0.65 061 023 063
PE 3.60 0.22 0.16 27.60 0.18 0.07 0.64 8.70 0 0.69 058 027 065
PL 2.27 0.20 010 3491 0.62 0.11 0.58 9.50 1 0.54 048 038 044
RO 2.16 0.16 0.13 3358 0.48 0.04 0.64 8.87 0 0.66 060 046 063
RU 175 0.25 020 35.40 0.19 0.24 0.67 9.31 0 0.60 054 027 057
SK 1.98 0.16 0.07 35.39 0.74 0.14 0.67 9.63 1 0.60 053 044 049
Sl 191 0.16 0.09 35.26 0.53 0.26 0.75 10.03 0 0.59 053 049 055
ZA 4.00 0.30 050 3384 0.12 0.01 0.32 9.10 0 0.54 046 041 042
KR 1.96 0.15 0.06 24.81 0.45 0.45 0.38 10.08 1 0.61 050 019 059
ES 1.86 0.09 005 3573 0.24 0.31 0.69 10.20 1 0.56 045 023 050
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Appendix table A, cont.

SE 2.10 0.00 0.05 33.85 0.55 0.33 0.81 10.40 1 0.64 059 016 0.59
CH 2.05 0.00 0.03 34.39 0.55 0.29 0.75 10.50 0 0.67 059 025 057
T™W 2.08 0.40 0.08 40.60 0.20 0.17 0.64 10.23 0 0.58 048 022 0.60
UK 211 0.02 0.12 33.06 0.56 0.22 0.65 10.39 1 0.62 055 010 0.59
us 240 0.06 017 3324 0.45 0.34 0.68 10.68 1 0.65 058 019 061
uy 2.83 0.20 021 3433 0.08 0.04 0.58 9.10 0 0.63 053 0.08 0.57
EE 1.97 0.12 0.18 33.88 0.59 0.26 0.63 9.63 1 0.59 053 031 053

Note: Descriptives of individual level variables uses household weights.

Sour ce: Luxembourg Income Study, OECD. Statextracts.
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Appendix Table B. Multilevel Logistic Regression Models of Poverty on Various Country
L evel Deter minants excluding Hungary and Poland

Model I I i
Poverty threshold 40% 50% 60%
Country-level variables
Size of transfer income -3.518** -3.172%* -2.644**
(1.265) (1.012) (0.864)
Targeting of transf.inc. 0.084 0.201 0.612
(1.042) (0.833) (0.712)
GDP per capita -0.470 -0.370 -0.217
(0.255) (0.203) (0.174)
OECD 0.276 0.246 0.190
(0.270) (0.216) (0.184)
Tot labforce part 1.295 -4.526 -4.374
(6.536) (5.219) (4.456)
Female labforce part 2.388 3.772 3.531
(3.053) (2.442) (2.087)
Rural population -1.710* -1.745** -1.353**
(0.757) (0.604) (0.516)
Employment rate -5.259 -1.350 -0.739
(4.141) (3.309) (2.827)
No. obs. 617992 617992 617992
No. countries 38 38 38

Note: Standard errors within parentheses. Includes full specification of individual level effects. Constant is not
shown. For variable labels, see tables 2a-c.
* p<0.05; ** p<0.01
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